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Abstract :

Traditional online symptom checkers provide static results based on predefined rules and lack emotional awareness
or contextual understanding of users’ health descriptions. This research introduces an Al-Based Health Checker
System (AI-HCS) that integrates Natural Language Processing (NLP), Machine Learning (ML), and Medical
Knowledge Graphs to analyze user symptoms and suggest probable health conditions, remedies, and nearby
doctors. The system accepts user input in natural language (typed or spoken) and uses a transformer-based model
(e.g., Gemini or GPT API) to identify likely illnesses. The architecture includes four modules — Symptom
Analyzer, Disease Predictor, Remedy & Doctor Recommender, and Feedback & Learning Engine. Testing on 500
symptom queries achieved an average accuracy of 89.4% and reduced user misclassification by 23% compared to
rule-based systems. The system provides scalable, multilingual, and privacy-preserving health assistance without
requiring professional consultation. Future work will integrate wearable health data and emotional health detection.

Keywords — AT Health Checker, Symptom Analysis, NLP, Machine Learning, Medical Knowledge Graphs,
Deep Learning, Healthcare Assistance.
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I. INTRODUCTION

misinformation and anxiety. The proposed Al-
Based Health Checker Website bridges this gap by
offering intelligent, evidence-based health guidance
using Artificial Intelligence.

Access to affordable and accurate medical advice
remains a major challenge, especially in rural and
developing regions. People often rely on internet
searches for self-diagnosis, which can lead to
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The system accepts user symptoms as text or speech
and instantly predicts possible conditions, home
remedies, and relevant specialists. Unlike static
health portals, this system learns continuously from
user feedback to improve diagnostic precision. The
website design emphasizes user friendliness,
privacy, and accessibility across devices.

II. LITERATURE REVIEW

Earlier online health systems mostly relied on
keyword matching or static symptom—disease tables,
which provided limited and often inaccurate results.
These systems failed to understand variations in user
input such as “I feel dizzy and my stomach hurts,”
offering rigid responses that ignored natural human
expression. Their rule-based design lacked
adaptability and contextual understanding, making
them unsuitable for real-world medical guidance.

With advances in Artificial Intelligence (AI) and
Natural Language Processing (NLP), modern
systems can now interpret natural symptom
descriptions effectively. Models like BERT, GPT,
and Gemini analyze sentence meaning rather than
just matching words, enabling users to describe
health issues in their own language. This contextual
understanding makes predictions more accurate and
user- friendly, especially for non-technical users.

Meanwhile, Machine Learning (ML) algorithms
such as Random Forests and Neural Networks have
greatly improved disease prediction. These models
learn from large medical datasets to identify hidden
symptom— disease relationships and can even
predict multiple possible conditions from a single
input. As a result, Al-powered systems now deliver
faster, data-driven, and more reliable health
assessments than older static approaches.

However, most current AI health checkers still
focus mainly on prediction, overlooking key features
like remedy recommendations, emotion- aware
responses, and location-based doctor suggestions.
However, most current Al health checkers still focus
mainly on prediction, overlooking key features like
remedy recommendations, emotion-aware responses,
and location-based doctor suggestions.
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III. SYSTEM ARCHITECTURE AND
METHODOLOGY

The Al-Based Health Checker System consists of
several integrated modules designed to deliver intelligent
and personalized healthcare assistance. The process begins
with user registration and authentication, which ensures
secure storage of medical history and previous health
checks. After login, users enter symptoms through text or
voice input, which are processed using AI/NLP models
like Gemini or GPT for accurate interpretation.

The system operates through three main modules: (1)
Symptom Analyzer, which identifies and understands key
symptoms from user input using NLP; (2) Disease
Predictor, which applies machine learning algorithms to
estimate possible illnesses with confidence scores; and
(3) Remedy and Doctor Recommender, which suggests
home treatments and lists nearby doctors using integrated
databases and map APIs.

All module outputs are merged into a comprehensive
health report containing diagnosis predictions, remedies,
and specialist advice. The data is securely stored for user
tracking and model improvement. The system workflow
(Fig. 1) begins with login and symptom input, followed by
Al-driven analysis and feedback generation, ensuring
continuous learning and better prediction accuracy over
time.
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The proposed Al-Based Health Checker

Website integrates Natural Language Processing
(NLP), Machine Learning (ML), and real-time
data processing to provide accurate and
personalized health assessments. It goes beyond
static symptom checkers by offering context-
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