
International Journal of Scientific Research and Engineering Development-– Volume 4 Issue 3, May-June 2021 

          Available at www.ijsred.com                                 

ISSN : 2581-7175                             ©IJSRED: All Rights are Reserved Page 706 

 

A Review on Existing Image Retrieval Techniques 
 

Deepika Kumari*, Megha Sharma** 

*(M.Tech Scholar, ECE Department, SIRDA Institute of Engineering and Technology, Mandi 

Email: dbhatia7555@gmail.com) 

** (Assistant Professor, ECE Department, SIRDA Institute of Engineering and Technology, Mandi 

Email: megha1110sharma@gmail.com) 

 

----------------------------------------************************----------------------------------

Abstract: 
            The rapid and unstable improvement of computerized libraries due to the development of web 

cameras, advanced cameras, and cell phones equipped with such devices is making information base 

administration an incredibly devised and inappropriate task by human explanation. Additionally expanding 

the use of social sharing sites such as Facebook, Flickr and Picasa requires engaging and productive 

components to retrieve key images from huge data sets. Image sequencing and retrieval is an important 

exploration topic that has attracted a lot of attention in the current situation. The paper presents a survey on 

various strategies for image retrieval methods. 
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I.     INTRODUCTION 

To some extent, the Internet has developed 

rapidly, expanding the amount of accessible picture 

classification. The gradual addition of these image 

classifications (counting works of art, satellite and 

clinical symbolism) has attracted a growing number 

of clients in various specialist fields, for example 

geology, medicine, engineering, promotion, 

planning, style and distribution. The image retrieval 

system returns a set of images from an assortment 

of images in a data set that corresponds to the 

customer in a similarity assessment, for example, 

picture content similarity, edge, and shading 

comparisons. Early image retrieval techniques 

tracked ideal images by physically syncing each 

image with the dole out watchword [7] [8].  

The image retrieval system became important due 

to the quick fixes of the World Wide Web (www). 

These days, the use of social sharing sites such as 

Flickr, Facebook and Picasa has increased rapidly, 

allowing customers to create, share and articulate 

photos. Social sharing sites contain data such as 

pictures and comments, comments transferred by 

customers. This meta-information helps customers 

share and organize mixed media content and further 

improves image retrieval and executives' 

interactions. Image retrieval from a large picture 

data set is a difficult task because the picture data 

set contains a great deal of data such as content, 

picture highlights, clients, and gatherings. 

 

II.     IMAGE RETRIEVAL APPROACHES 
Due to the increasing use of the Internet, there is 

a need to promote efficient and compelling 

techniques for image retrieval from large image 

information bases. Here is an outline of ebb and 

flow research in image data retrieval. Figure 1 for 

image retrieval system engineering.  

In this article, an outline of previous analysts 

related to image retrieval using various methods 

and calculations is proposed. The basic goal of this 

article is to consider data on various methods and 

calculations used for image retrieval. Also, their 

constraints are additionally routed to improve the 

image retrieval measure. 

RESEARCH ARTICLE                                     OPEN ACCESS 



International Journal of Scientific Research and Engineering Development-– Volume 4 Issue 3, May-June 2021 

        Available at www.ijsred.com                                 

ISSN : 2581-7175                             ©IJSRED: All Rights are Reserved Page 707 

 

 
Fig. 1 Architecture of Image Retrieval System. 

 

Several image retrieval methods have been devised 

by experts and researchers, with fully critical and 

widely used image retrieval procedures. The latest 

examination work on image retrieval procedures is 

talked about and is evaluated below. 

 

A. Text Based Image Retrieval 

  Text-based image retrieval is also called 

illustration-based image retrieval. Text-based image 

retrieval is used to retrieve XML reports containing 

images that rely on literary data for clear vision and 

sound interrogation. To defeat CBIR's restrictions, 

TBIR addresses the visual substance of images by 

physically allocating catchphrases / labels. This 

allows the client to present the required data in the 

form of a book inquiry, and searches for applied 

illustrations dependent on the match between the 

content question and the manual comment of the 

pictures [1] [5]. 

 

B. Content Based Image Retrieval 

In content-based image retrieval, images are 

viewed and retrieved that depend on an 

interrogative image using the image based on the 

similarity of their visual matter. A classification 

uses an element extraction module to extract low-

level image highlights from images. Regularly 

removed image highlights include color, texture, 

and shape [2] [3]. 

 

C. Multimodal Fusion Image Retrieval  

Multimodal combination image retrieval involves 

information collation and AI computation. 

Information matching, otherwise called joining 

proof, is a method of consolidating multiple wells 

of evidence. Using different strategies, we may be 

familiar with the skimming effect, the coral effect, 

and the surprisingly potent contender effect [4]. 

 

D. Semantic Based Image Retrieval  

  Image retrieval has so far been investigated by 

many analysts, relying on the semantic significance 

of pictures. This is one of efforts to close the 

Semantic Gap issue. In this unique situation, there 

are two primary methods: understanding pictures or 

picture sections with a catchphrase or embracing 

semantic web drives through computerized picture 

interpretations. 

 

E. Relevance Feedback Image Retrieval  

  The difference between client data requirement 

and image drawing is called Semantic Gap in the 

CBIR framework. The restricted retrieval accuracy 

of the picture nuclear retrieval framework is 

basically due to the natural semantic stretch. 

Implicit criticism has been an incredible aid to the 

CBIR framework for limiting perforations. The 

basic idea behind the relevance response is to 

coordinate the subjectivity of human conscience in 

the investigation and to engage with the client to 

assess retrieval results. Comparative measures 

based on customer solutions are inherently 

sophisticated. A great deal of CBIR calculations 

have been proposed and most of them work 

successfully on collecting a particular picture or 

main picture for that interrogation picture using the 

similarity estimation step. Nevertheless, customer 

commitment is important to improve outcomes [13]. 



International Journal of Scientific Research and Engineering Development-– Volume 4 Issue 3, May-June 2021 

        Available at www.ijsred.com                                 

ISSN : 2581-7175                             ©IJSRED: All Rights are Reserved Page 708 

 

TABLE I: Analysis of Retrieval Systems based on Relevance feedback Techniques. 

S/No. Author Year Proposed Method Results 

1 Benitez et al 1998 Meta seek approach proposed Avg. Precision = 0.70 

2 Vasconcelos et al 2000 Bayesian Learning Algorithm proposed Precision/Recall curve were plotted 

3 Jorma Laaksonen 2001 Self Organizing Maps approach proposed The average ‘t’ value = 0.174 

4 Sean D MacArthur et al 2002 
Using decision trees relevance feedback 

approach proposed 

Average retrieval precision curve were 

plotted. 

5 Su, Zang et al 2003 Bayesian Classifier approach proposed 
Accuracy increase in top 10, 20 and  

100 results = 2.6%, 13.4% and 7.8%. 

6 Slobodan Cabarkapa 2005 
Relevance feedback based adaptive 

retrieval approach proposed 
Average retrieval rate = 89.5% 

7 Quanzhong Liu 2008 Real code genetic RF approach proposed Precision=75% and Recall=69% 

8  C. D. Ferreira 2009 
Genetic programming based relevance 

feedback approach proposed 
Precision/ Recall curve were plotted. 

9 Peter Auer et al 2010 
Implicit relevance feedback approach 

proposed 
Avg. Precision = 15.0 

10 Lining Zhang et al 2010 
Generalized biased discriminant analysis 

proposed 

Average precision in top 20, 140 results 

= 83.35 % & 30.73 % Average Recall in 

top 20, 140 results = 14.18 % & 

35.27 % 

11 Chih Chin Lai et al 2011 Interactive genetic algorithm proposed Precision = 80.6% Recall = 15.8% 

12 Manish Chowdhury et al 2012 
Ripplet Transform & fuzzy relevance 

Feedback approach proposed 
Average Precision = 0.55 

13 P M Pawar et al 2013 
Navigation Pattern Mining approach 

proposed  
Precision = 80% 

14 Wankhede et al 2015 
ABIR (Association based image 

retrieval) algorithm proposed 
Precision/ Recall curve were plotted. 

15 Wu, J., Chen et al 2017 
Clustering-based geometrical structure 

retrieval approach proposed 

Retrieved size (for Cylinder_0 

canonical 

scatterer) = 19.5  Real size of 

Cylinder_0 canonical scatterer = 20 

Retrieved size (for Dihedral_0 

canonical scatterer) = 29.5  Real size of 

Dihedral_0 canonical scatterer = 30 

16 Nakazawa et al 2018 
Convolution Neural Network approach 

proposed 

Retrieval error rate (test dataset) = 

0.36% Retrieval error rate (real wafers) 

= 3.7% Retrieval time = 0.13 sec/wafer 

map 

17 Wang, J et al 2018 MindCamera approach proposed 
Average precision (@ top 25 returned 

images) = 0.892 

18 Qi. Q., Huo et al 2019 
Personalized Sketch Based Image 

Retrieval approach proposed 
Mean Average Precision (MAP) = 

0.6449 

19 Erfankhah. H et al 2019 

Heterogeneity aware multi resolution 

Local Binary Pattern approach 

proposed 

Balanced Accuracy (BAC) = 0.8613 

F1 measure = 0.7665 

20 Xiang, J., Zhang et al 2019 
Deep learning framework approach 

proposed 

Average error rate = 10.08% 

Time/second = 5.12 s Time efficiency = 

0.176 Classification accuracy = 98.56% 

 

 

 

 



International Journal of Scientific Research and Engineering Development-– Volume 4 Issue 3, May-June 2021 

        Available at www.ijsred.com                                 

ISSN : 2581-7175                             ©IJSRED: All Rights are Reserved Page 709 

III. CONCLUSIONS 

With the increasing interest for media 

applications on the Internet, the importance of 

image retrieval has also expanded. This suggests 

that all scientists have used various techniques for 

image retrieval to enhance the presentation of 

image retrieval, in contrast to traditional strategies. 

Each of these strategies has its own possibilities 

regarding its benefits. Overall, there is no 

innovation that suits the broader needs of customers; 

As a result, entry routes to create new technologies 

are still open as indicated by the prerequisites of 

image retrieval applications. 
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